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Figure 1: Number of COVID-19-related tweets (left y-axis) and number of newly confirmed
coronavirus cases (right y-axis) over time.
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Figure 2: Word cloud showing the top 300 words used in tweets related to COVID-109.
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Figure 3: Daily number of tweets related to infection protection and its sub groups of
isolation/quarantine, masks, and hand hygiene.
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Figure 4: Analysis of a) tweet emotions (fear, anger, surprise, sadness, joy, and disgust) and b)
emotional valence over time.
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Figure 5: Analysis of keywords related to racial prejudice discussion over time compared to the
number of cases over time.
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Figure 6a. The fifteen terms (in order of weighting) that contributed to each abstract topic with
their potential theme labels. The topics are ordered by frequency. Colors for each topic
correspond to those in Figure 6b. Topic labels were assigned by the authors.
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Figure 6b. A t-distributed Stochastic Neighbor Embedding (t-SNE) graph (which embeds high-
dimensional data into a two-dimensional space where similar tweets are grouped together) that
visualizes the topics in Figure 6a as labeled by color and how they change over time. The full
interactive visualization is available at
https://ssaleh2.github.io/Early_2019nCoV_Twitter Analysis/; please note the visualization is
slow to load. Each node represents an individual tweet and only tweets posted through the day
highlighted on the slider are shown in the foreground, while all tweets in the study period are
shown in the background. Hovering over a node will show the tweet text and the day it was
posted. Depicted here are three screenshots for January 14 (day 0), January 20 (day 6), and
January 27 (day 13).
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